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Success In creating Al, could be the biggest
event in the history of our civilization.
ALERGEL, TRRAALHDEL LRI XFHK

-- Stephen Hawking, Oct. 19, 2016 in Cambridge University
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The Industrial Revolution represents the single
great event of world economic history.

TAESRUERGHEE LE—T RN

- Gregory Clark, Prof. University of California
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AlexNet, 8 layers VGG, 19 layers ResNet, 152 layers
(ILSVRC 2012) (ILSVRC 2014) (ILSVRC 2015)

Why deep learning
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Amount of data

How do data science techniques scale with amount of data?

Andrew Ng
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- 28 % (Andrew Ng)
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Figure 2: The framework of cancer metastases detection.
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